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Abstract







Furthermore,  measures the effect of the exchange rate and appears in the first equation only.

The parameter matrices for the variance Equation (2) are defined as



- 26092014, for a total of 3582 observations. Furthermore, as already mentioned, we control

for the exchange rate, which is defined as the Federal Reserve US dollar trade weighted index

against major currencies, the data source being the St Louis Federal Reserve website. We

construct daily returns as the logarithmic differences of commodity prices.

We consider news coverage of four macro economic data series, i.e. GDP, unemployment,

retail sales and durable goods (Birz and Lott, 2013). The average number of stories about

unemployment and GDP is very similar; these account for the majority of news articles,

whereas there is less coverage of retail sales and durable goods releases. The index we use

does not distinguish between different types of macro news; since the focus of this study is

on the effects of positive and negative macro news respectively as reported and interpreted

by the media, we use worldwide news.4 The daily positive (negative) news index is defined

as follows:

positive (negative) news index = [e + domestic positive (negativenegative



04:Negative news to commodity returns after the 2008 crisis: ∗13 = 0

2. Tests of no volatility spillovers from news to commodity returns

05:Positive news volatility to commodity volatility before the 2008 crisis: 21 = 21 = 0

06:Positive news volatility to commodity volatility after the 2008 crisis: ∗21 = ∗21 = 0

07:Negative news volatility to commodity volatility before the 2008 crisis: 31 = 31 = 0

08:Negative news volatility to commodity volatility after the 2008 crisis: ∗31 = ∗31 = 0

3.3 Discussion of the Results

In order to assess the adequacy of the estimated models, Ljung— Box portmanteau tests were

performed on the standardized and squared residuals. Overall, the results indicate that the

VAR-GARCH(1,1) specification captures satisfactorily the persistence in returns and squared

returns of all the series considered. Causality eff
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TABLE 2: Estimated VAR-GARCH(1,1) model

Aluminium Copper

Coefficient p-values Coefficient p-values

Conditional Mean Equation

1 −0002 (0972) 0015 (0772)

2 1723 (0001) 1724 (0001)

3 1715 (0001) 1714 (0001)

11 0001 (0077) −0064 (0001)

12 0084 (0248) 0059 (0327)

∗12 0256 (0049) 0123 (0294)

13 −0121 (0011) −0077 (0215)

∗13 −0307 (0034) −0106 (0361)

 −1372 (0048) −2805 (0061)

Conditional Variance Equation

11 0001 (0001) 0001 (0004)

22 0001 (0003) 0001 (0002)

33 0003 (0002) 0001 (0001)

11 −0981 (0001) −0978 (0001)

21 0016 (0001) 0044 (0001)

∗21 0006 (0597) 0041 (0001)

22 0991 (0001) −0990 (0031)

31 0986 (0001) −0991 (0001)

∗31 0006 (0001) 0038 (0044)

33 0011 (0001) 0042 (0001)

11 −0176 (0001) 0201 (0001)

21 −0014 (0035) 0016 (0003)

∗21 0015 (0041) −0012 (0036)

22 0128 (0001) −0121 (0001)

31 −0015 (0050) 0011 (0002)

∗31 −0016 (0049) 0016 (0001)

33 0131 (0001) 0125 (0001)

LogLik −1149122 −1113119

c°®®Z[(10) 71261 84563

c°®®Z[(10) 92298 71351
Note: Standard errors (S.E.) are calculated using the quasi-maximum likelihood method of Bollerslev and

Wooldridge (1992), which is robust to the distribution of the underlying residuals. Parameters not statistically

significant at 10% level are not reported. LBc°®®Z(10) and LB2
c°®®Z(10)

are the Ljung-Box test (1978) of

significance of autocorrelations of ten lags in the standardized and standardized squared residuals respectively.

The parameters 12 and 13 measure the causality effect of positive and negative news on commodity returns

respectively, .21 and 31 measure the causality in variance effect of positive and negative news respectively

whereas 12 and 13 capture the effect of positive and negative news volatility on commodity returns. The

e



(21+∗21) and (31+∗31) capture the effect on commodity return volatilities. The covariance stationarity

condition is satisfied by all the estimated models, all the eigenvalues of 11⊗11+11⊗11 being less

than one in modulus. Note that in the conditional variance equation the sign of the parameters cannot be

determined.
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TABLE 3: Estimated VAR-GARCH(1,1) model

Corn Gold

Coefficient p-values Coefficient p-values

Conditional Mean Equation

1 −0044 (0408) 0103 (0002)

2 1726 (0001) 1725 (0001)

3 1716 (0001) 1715 (0001)

11 0058 (0001) −0069 (0001)

12 0045 (0046) −0162 (0001)

∗12 0037 (0623) −0233 (0009)

13 −0021 (0045) 0133 (0001)

∗13 −0086 (0034) 0240 (0008)

 −1591 (0001) −6749 (0001)

Conditional Variance Equation

 0 009) �=009)Conditional Variance Equation



TABLE 4: Estimated VAR-GARCH(1,1) model

Oil Palladium

Coefficient p-values Coefficient p-values

Conditional Mean Equation

1 −0071 (0347) 0041 (0605)

2 1723 (0001) 1721 (0001)

3 1714 (0001) 1711 (0001)

11 −0041 (0005) 0081 (0001)

12 0155 (0049) 0035 (0121)

∗12 0208 (0046) 0118 (0021)

13 −0045 (0712) −0015 (0502)

∗13 −0151 (0341) −0162 (0001)

 −5361 (0004) −3034 (0114)

Conditional Variance Equation

11 0001 (0001) 0178 (0002)

22 −0002 (0001) −0002 (0009)

33 0003 (0001) 0003 (0007)

11 −0975 (0001) −0958 (0001)

21 0027 (0166) 0005 (0231)

∗21 −0031 (0234) 0004 (0563)

22 0990 (0001) 0885 (0001)

31 0023 (0446) 0007 (0333)

∗31 −0020 (0786) 0011 (0438)

33 0890 (0001) 0991 (0001)

11 −0208 (0001) 0259 (0001)

21 −0006 (0254) 0012 (0005)

∗21 0002 (0697) 0017 (0001)

22 0127 (0001) 0128 (0001)

31 −0005 (0398) 0013 (0009)

∗31 0020 (0687) 0014 (0006)

33 0129 (0001) 0131 (0001)

LogLik −1068785 −1185565

c°®®Z[(10) 12453 11329

c°®®Z[(10) 9775 10764
Note: See the notes to Table 2.
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TABLE 5: Estimated VAR-GARCH(1,1) model

Platinum Silver

Coefficient p-values Coefficient p-values

Conditional Mean Equation



TABLE 6: Estimated VAR-GARCH(1,1) model

Soybeans Wheat

Coefficient p-values Coefficient p-values

Conditional Mean Equation

1 0037 (0401) 0021 (0707)

2 1722 (0001) 1721 (0001)

3 1711 (0001) 1715 (0001)

11 −0019 (0195) 0001 (0675)

12 0033 (0432) 0082 (0043)

∗12 0116 (0312) 0249 (0002)

13 −0046 (0223) −0112 (0016)

∗13 −0129 (0111) −0302 (0001)

 −2401 (0045) −1414 (0076)

Conditional Variance Equation

11 0001 (0001) −00(Conditional)-331.6(V)85.9(a)-.2(riance)-329.5(Equation)]TJ
ET
103.14 540.92 358.74 .29999-4tTm
<0057>Tj
/TT22 1 Tf
0 -.8881 TD
-.0084 Tc
(13)Tj
/
/T2tional Variance Equation





Figure 2: Commodity Returns
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